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Text Prompt: “a wicker vase and a candle in jeans”
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(c) Mesh: person & dragon & whale; Text Prompt: “a superman, a fire dragon, and an ice whale”.
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Input Mesh
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E 6. %A1 TeMO #HE BT AT AL . BI#%: two dragons; XANHE/R: “a fire dragon and an ice dragon”.
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