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Birds fly / Many birds fly over a plaza
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Video Set: Horse run
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Algorithm 1 JERFTEph I
Require: Py, Py, M;, My, f € N,T € N and latent
decoder D
> First frame generation
zh ~ N(0,1)
xy = DDIM_ Backward(zk., T', Pr, M)
> Shared-noise sampling
xp ~ N(0,1)
for i ={2,3,...,f} do
zh ~ N(0,1)
zh  0.82% + 0.22

end for
> Video generation
z;if — {xd, 2%, 23, ,zg}
fort=T-1,...,0do
a2 M%}f(xzjrfl, t+1,Pv)
> Post-processing on latent space
if ¢ > 20 then
for i =3,4,...,f do
xt «+ AdaIN(z%, 22) > Ensure consistency be-
tween predicted frames
end for
else
for i =2,3,...,f do
xi « AdaIN(zi,z}) > Ensure consistency
with the first frame
end for
end if
end for
> Post-processing on pixel space
1 = D7)
for i =2,3,...,f do
I' + Historgram_ Matching(I?, I')

end for
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A horse runs on the grass

- -

A red horse runs in the sky

A horse runs in the universe

A horse runs on the Mars

A horse runs on the road
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Birds fly over the city

Birds fly in the pink sky
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Birds fly in the sky, snow land

Birds fly over the sea

s

Many birds fly over a plaza
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A helicopter over in the sea

Apache flies in the sky

A helicopter flies over the highway

A white helicopter flies at night

A pink helicopter in the sky
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A LEGO helicopter flies in the sky
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A branch in rain

A rainy day

Ralny mounfam

A tree in rain

-

A pond in heavy rain

A car in rain
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An astronaut plays the guitar, photorealistic
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A woman pluys the gul'mr

GTAS poster, a mar; plays the gui;xr
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Fireworks in winter

Fireworks over the mountains
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Wm’rer waferfall

Waterfall, crowds around
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Lava waterfall

Waterfall, comic style
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Hea pho’ro of a cufe girl, comic s’ryle turns to sm|le

A handsome man, turns to smile
.

Head photo of a girl, 3D animation s’ryle turns to smile
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Head photo of a soldier, turns to smile
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