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# 1. Ay TAR3D B8 5l et i s 8 3 3D RS0 EAE 2D Pt i in 3D JLf s By E &

PEREBGS: L BB, PhABBAT.

P, 7 Bl

Methods ‘ Shap-E [29] SyncDreamer [38] Michelangelo [75] InstantMesh [67] LGM [57] ‘ TAR3D (Ours)
PSNR 1 10.991 11.269 11.928 11.560 11.363 13.626
SSIM 1t 0.702 0.706 0.734 0.721 0.714 0.763
Clip-Score 1 0.834 0.837 0.864 0.847 0.841 0.868
LPIPS | 0.325 0.320 0.278 0.303 0.317 0.216
Chamfer Distance | 0.156 0.158 0.117 0.137 0.149 0.066
F-Score 1 0.163 0.178 0.226 0.179 0.172 0.303

# 2. XT 3D VQ-VAE T#FEIH % 3. XT 3D-VQVAE # PIL i3 £ 4. XF 3D GPT i=-FiR~ (AF5IKE)

3D VQ-VAE WPEGFRAIX) 3D VQ-VAE 1) 3D

THRLSES . RS2 . ORISR
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